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Shadow AI Enterprise Risk & Governance
Compliance Benchmark 2026
58.4% of employees use unsanctioned consumer AI tools for work, and 24.1% have
pasted sensitive corporate data into one — while only 38.4% of organizations have the
technical capability to even detect it happening. This is a security telemetry audit
across 420,000+ corporate endpoints at 112 organizations, not a self-reported survey.

Key findings

● Shadow AI usage: 58.4% of employees use unsanctioned AI tools

● Sensitive data pasted into external AI: 24.1% of employees

● Organizations that can actually detect it: 38.4% have automated DLP for AI

● EU AI Act compliance-ready: only 26.8% of organizations

● No formal AI compliance framework at all: 42.0% of organizations

● Top leaked data type: source code & engineering schemas (42.5% of exfiltration events)

Cite this as: Code Ninety. "Shadow AI Enterprise Risk & Governance Compliance Benchmark 2026." February 2026.
codeninety.com/research/shadow-ai-governance-compliance-benchmark-2026

How was this shadow AI audit conducted?

This benchmark is built from CISO and IT security audits conducted across 112 organizations, covering

more than 420,000 total corporate endpoints, fielded between December 10, 2025 and January 28, 2026.

Unlike a self-reported survey, this data reflects actual security telemetry and audit findings — network traffic

patterns, DLP logs, and incident reports — making it materially less subject to the reporting bias that affects

most "how much AI do you use" survey data, where respondents tend to underreport risky behavior.

The audited organizations skew mid-to-large enterprise: 41.1% have 1,000-4,999 employees, 35.7% have

5,000-19,999, and 23.2% have 20,000+. Geographically, 52.7% are North American, 33.0% European, and

14.3% Asia-Pacific.

How widespread is shadow AI actually?

58.4% of employees across audited organizations are using unsanctioned consumer AI tools for work

purposes — tools not provisioned, reviewed, or approved by IT or security. Of that population, 24.1% have

specifically pasted sensitive corporate data into an external AI prompt, meaning nearly a quarter of the

workforce has, at some point, exposed data outside organizational control through a channel most security

teams have limited visibility into.



Only 38.4% of organizations have automated DLP systems specifically capable of detecting and blocking

this kind of AI-directed data movement — meaning nearly two-thirds of organizations are relying on

acceptable-use policy alone against a risk their actual security tooling can't see or stop. Policy without

detection capability is functionally unenforceable at scale; this gap between usage rate (58.4%) and

detection capability (38.4%) is the central finding of this report.

What this means: "we have an AI usage policy" is not the same claim as "we can detect violations of it," and

this data shows the gap between those two things is currently large at most organizations. See zero-trust

architecture for the architectural approach that treats unmanaged AI endpoints as an assumed risk surface

rather than a policy-only problem.

What data is actually leaking through shadow AI, and how?

Among organizations reporting AI-related security incidents in the past 12 months, proprietary source code

pasted into a public LLM was the most common at 48.2%, followed by customer PII leaked in an AI prompt

(36.6%), unauthorized API integration via unsanctioned keys (29.5%), and prompt injection or indirect

guardrail bypass (18.8%).

What this means: source code being the single largest exfiltration category (42.5%) is a specific and

actionable finding for engineering organizations — it means shadow AI risk isn't primarily a

general-workforce problem, it's disproportionately a developer-workforce problem, where engineers pasting

proprietary code into a public coding assistant for a quick answer is the single most common leak vector

measured. This makes engineering-specific AI governance (sanctioned, enterprise-tier coding assistants

with data handling guarantees, rather than a blanket "no AI tools" policy engineers will route around) a

higher-leverage intervention than general employee training alone.

How ready are enterprises for AI regulatory compliance?

Only 26.8% of audited organizations report being ready for EU AI Act compliance, 31.2% have implemented

the NIST AI Risk Management Framework, and just 14.3% hold ISO 42001 certification — the dedicated AI

management system standard. 42.0% have no formal AI compliance framework in place at all, meaning a

plurality of organizations with substantial shadow AI exposure (58.4% employee usage, as shown above)

have no structured governance framework addressing it.

What this means: the gap between AI usage (already near 60% of the workforce) and formal compliance

readiness (roughly a quarter to a third of organizations, depending on framework) represents accumulating

regulatory exposure, not just a security gap. For organizations in regulated industries or operating in the EU,

this is a compliance timeline problem as much as a technical one — see how do I verify a vendor's security

claims and SOC 2 Type II for the adjacent compliance frameworks this AI-specific gap sits alongside.

Have security budgets caught up to AI risk exposure?

Only 4.1% of CISO security budgets are currently dedicated specifically to AI security, even as LLM data

leakage and prompt injection defense is cited as the top AI security priority by 64.3% of respondents — a

clear signal that budget allocation currently lags stated priority. Projected growth in this allocation for 2027 is

38.5%, suggesting security leaders recognize the gap and are moving to close it, but the current state is that



most security budgets were built for a pre-AI risk landscape and haven't yet been restructured for the

exposure this report documents.

What this means for buyers: if your organization's AI security budget is below roughly 4-5% of total CISO

spend, this data suggests you're in line with current market average, not behind it — but "in line with

average" is itself a signal the whole market is currently under-resourced relative to actual exposure (58.4%

shadow AI usage, only 38.4% detection capability). Organizations with the resources to move ahead of the

4.1% average now are positioning ahead of where the market is headed by 2027, not overspending relative

to risk.

Why do the highest-risk industries have the least AI governance
readiness?

Cross-referencing this benchmark against our companion Agentic AI Penetration & Oversight Study

surfaces a specific mismatch worth naming directly. That study found healthcare clinical operations and

fintech/banking carry the lowest acceptable error thresholds of any function measured (0.01% and 0.05%

respectively) — meaning these are exactly the sectors where an ungoverned AI tool interacting with

sensitive data carries the highest real consequence. Yet this benchmark's respondent base draws 21.8%

from Healthcare & BioTech and 26.7%-equivalent from Financial Services in our companion Adoption

Survey — sectors with substantial AI exposure but, per the compliance readiness figures above, no

guarantee of proportionally stronger governance.

The practical implication: governance investment should scale with a sector's own error tolerance, not with

organization size or AI adoption maturity alone. An organization in fintech or healthcare sitting at the 42.0%

"no formal AI compliance framework" baseline carries meaningfully more exposure than an

equivalently-sized organization in a higher-error-tolerance sector (e-commerce, marketing) at the same

governance baseline — the underlying risk math isn't symmetric across industries even when the

compliance gap looks identical on paper.

What should I do with this data?

This benchmark is most useful as a specific, non-hypothetical case for budget and governance

conversations that are often argued in the abstract. If leadership questions whether shadow AI is a real,

material risk versus a theoretical one, the 48.2% of audited organizations reporting an actual

source-code-in-public-LLM incident in the past 12 months answers that directly. If the question is whether

policy alone is sufficient, the 58.4%-vs-38.4% usage-to-detection gap answers that too. Use the specific

incident types and data categories in this report to prioritize which detection capability to invest in first —

source code protection for engineering teams, given it's the single largest exfiltration category measured.

What are this benchmark's methodology and limitations?

This benchmark is built from CISO and IT security audit data across 112 organizations and 420,000+

corporate endpoints, fielded December 10, 2025 to January 28, 2026. This is telemetry and audit-derived

data, not a self-reported survey, which materially reduces (though does not eliminate) underreporting bias

common in AI usage self-report studies.



Limitations: audited organizations skew mid-to-large enterprise (76.8% have 1,000+ employees) and toward

North America and Europe (85.7% combined), so results may not generalize cleanly to small businesses or

organizations in regions with different AI tool adoption patterns or regulatory environments. Incident and

exfiltration figures reflect detected and reported events specifically — true prevalence of undetected shadow

AI data exposure is, by definition, not fully measurable and is likely higher than what's captured here,

particularly at the 61.6% of organizations without automated DLP for AI-directed traffic.

Frequently asked questions

What percentage of employees use unsanctioned AI tools at work?
58.4% of employees use unsanctioned consumer AI tools for work purposes, based on a security telemetry

audit across 420,000+ corporate endpoints at 112 organizations. Of those, 24.1% have pasted sensitive

corporate data into an external AI prompt.

How many organizations can actually detect and block shadow AI use?
Only 38.4% of organizations have automated data loss prevention (DLP) systems capable of detecting and

blocking sensitive data entering unsanctioned AI tools, meaning the majority are relying on policy alone

against a risk their tooling can't actually see or stop.

What's leaking into shadow AI tools most often?
Source code and engineering schemas account for 42.5% of data exfiltrated via shadow AI, followed by

internal strategic documents and emails (31.2%), customer/employee PII (16.8%), and financial forecasts or

pricing models (9.5%).

Are enterprises ready for the EU AI Act?
No, not most of them — only 26.8% of audited organizations report being EU AI Act compliance-ready,

31.2% have implemented the NIST AI RMF framework, and just 14.3% hold ISO 42001 certification. 42.0%

have no formal AI compliance framework in place at all.

What's the most common AI-related security incident?
Proprietary source code pasted into a public LLM is the most commonly reported incident, affecting 48.2% of

audited organizations in the past 12 months, followed by customer PII leaked in an AI prompt (36.6%) and

unauthorized API integration via unsanctioned keys (29.5%).

How much of the security budget goes to AI-specific risk?
Only 4.1% of CISO security budgets are currently dedicated to AI-specific security, with LLM data leakage

and prompt injection defense cited as the top priority by 64.3% of respondents. Projected 2027 growth in this

allocation is 38.5%, suggesting budgets are catching up but currently lag the actual exposure.

We don't have budget for a full DLP rollout yet — what's the highest-leverage first step
against shadow AI?
Given source code is the largest single exfiltration category (42.5%), the highest-leverage first step for most

organizations is a sanctioned, enterprise-tier coding assistant with contractual data-handling guarantees for

engineering specifically, rather than a general-purpose DLP rollout across the whole workforce. This targets

the single largest measured risk category directly, before broader monitoring infrastructure is in place.



Does banning consumer AI tools outright actually reduce the risk, or does it just push
usage further underground?
This benchmark doesn't directly test policy interventions, but the 58.4% usage rate measured despite most

organizations already having some form of acceptable-use policy suggests a ban alone, without a

sanctioned alternative that's genuinely as convenient, doesn't eliminate the underlying behavior — it likely

just removes visibility into it. Pairing any restriction with an approved, similarly convenient alternative is more

consistent with actually reducing exposure than policy alone.

What should we look for when picking a sanctioned enterprise AI tool to replace
shadow usage?
Given this benchmark's incident data, prioritize a vendor's contractual data handling terms (does your data

train their models, where is it processed, what's the retention policy) and its support for enterprise DLP

integration specifically, since only 38.4% of organizations currently have that detection capability. A tool

that's fast and convenient but has vague data-handling terms simply relocates the exposure rather than

closing it.

How do we know if our organization's actual shadow AI usage is above or below this
benchmark's 58.4% average?
Without DLP telemetry, you likely don't know — that's precisely the detection gap this benchmark measures

(only 38.4% of organizations have the capability). A reasonable proxy in the absence of telemetry is a short,

anonymous internal survey asking directly about consumer AI tool use for work tasks; anonymous

self-report will still understate true usage, but it establishes a directional baseline better than assuming your

organization is an exception to this data.

Code Ninety — Enterprise AI Research Series 2026. codeninety.com/research/enterprise-ai-research-series-2026


